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Abstract 


Openhole well logging encompasses a diverse range of 
measurements, including as  measurement-while-drilling 
(MWD) logs, standard wireline logs, and mud logs. These 
measurements are the major source of formation evaluation 
data, and they are used in applications ranging from individual 
drilling-well appraisals to extensive reservoir description 
studies. They are also known as "logs." The technology for 
openhole well-logging is continuously being developed in 
response to the demand for increased precision in determining 
the features of reservoirs. Recent years have seen a 
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proliferation of various technical advancements. This article 
offers a number of recent innovations and applications to 
demonstrate the current state of technology and to offer insight 
into the patterns that will guide its future growth. 


© 2023 Hosting by Central Asian Studies. All rights reserved. 


Introduction 


Three-dimensional seismic data is just one piece of the puzzle when assessing a petroleum-bearing 
reservoir. Mud logging, coring, magnetic and gravity logs, logs on wire, pressure testing, and samples [1]. 
Although some professionals may choose to specialise in a particular area, such as seismic interpretation, log 
analysis, or core analysis, understanding all of these topics is essential to the field of petroleum-bearing 
reservoir appraisal [2-6]. An oil and gas firm's R&D initiatives focus on studying reservoir rocks and fluids 
for clues about how those materials’ attributes map to hard numbers. Borehole and formation properties are 
measured at known depths using wireline well logging techniques [7-12]. Petroleum industry workers 
(geologists, geochemists, geophysicists, etc.) care solely about the information provided by wireline 
measurements, specifically the physical and chemical features of the reservoir, and not the tool's specifics [13]. 


Well logs are an essential tool for learning about the geology of the subsurface sedimentary formations, 
which is necessary for finding the petroleum-bearing reservoir. When it comes to describing and characterising 
reservoirs, wireline well logs shine [14-18]. All of these formation characteristics, including porosity, shale 
volume, lithology, and water, oil, and gas saturation, can be defined or inferred from log measurements. 
Permeability estimates, water cut forecasts, over-pressure zone selections, and residual oil estimates can all be 
made. In a single well setting, log analysis is most useful for characterising formation features. Reservoir 
properties are often defined by comparing log and core data [19-25]. Log data are typically used as a 
continuation from core analysis and log comparisons on other wells when cores are unavailable. By describing 
local geology, stratigraphy, the environment of deposition, and reservoir geometry under current conditions, 
a suite of logs in the run can be utilised as a geological tool to study subsurface formations [26]. 


Literature Survey: 


Wireline logging is the practise of continuously monitoring a formation's attributes with electric 
equipment in order to inform drilling and production decisions [27-31]. With wireline logging, certain 
instruments are dropped into the borehole to measure characteristics of the formation at depth. logging a well: 
By inserting a variety of sensors into the borehole, well logging in the petroleum sector can be utilised to detect 
oil and gas intervals and measure features of reservoir rock [32]. The lithology, geological structure, porosity, 
fluid saturation, and drilling fluid invasion are just few of the rock features [33]. The sensors can both transmit 
and receive signals from within the geological formation, and include electric, electromagnetic, acoustic, 
neutron, and gamma ray devices. The sensors record the transmitted signals, which undergo character changes 
and attenuation due to the rock qualities and conditions near the borehole. The signals are then evaluated to 
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determine the oil and gas-relevant features of the formation. Caliper logs are also used to measure the internal 
diameter of the bores [34-39]. 


Reservoir characterisation is aided by the data provided by certain logging and imaging instruments that 
highlight faults and fractures. Rock fractures and high permeability "thief" zones can be located with the help 
of downhole imaging instruments [40-45]. Logging is essential for figuring out how to complete a well for 
maximum production and how to drill additional wells for reservoir development and management. There are 
two main types of logging holes: open and cased. Open hole logs are logged in the open borehole of a newly 
drilled well to determine the rock qualities, such as the presence of hydrocarbons and their saturation levels. 
After the casing has been installed in the borehole, cased hole logs can be used. Casing integrity and damage 
detection are two of the primary applications for cased hole logs [46-51]. After a well has been drilled, a string 
of logging devices is lowered into the well to gather information from below. Sensor data can either be stored 
downhole in memory mode or transmitted to the surface in real time. In the 1970s, mud-while-drilling (MWD) 
technology was developed, allowing logging equipment to be fastened to the drill string and sending real-time 
data to the surface through mud pulses [52-59]. 


The Schlumberger brothers, who established the company around the turn of the century, get most of 
the credit for pioneering modern well-logging methods. The logging tool was originally designed for use in 
the mining industry to locate precious metals, but it has since found widespread use in the oil and gas sector 
as well. Alsace, France was the site of the first downhole application of a resistivity logging equipment in 1927 
[60-64]. A log called the spontaneous potential (SP) was developed a few years later to help locate 
hydrocarbon-bearing permeable zones. Well Surveys, Inc. invented the gamma-ray log in 1939 to quantify the 
radioactivity of a formation as it occurred naturally. The log functions properly in cased holes and is ideal for 
locating shale beds. A nonconductive oil-based mud environment can be navigated with the help of an 
induction log, which was created in the late 1940s [65-71]. 


According to resistivity charts, water is a more efficient electrical conductor than either oil or gas. When 
compared to formation water with a noticeable salt, petroleum fluids are far more electrically robust. This is 
the premise upon which resistivity logs function. There are two electrodes in the resistivity tool. An electric 
circuit is created when the first electrode discharges electricity into the fluid-filled formation and the current 
returns to the second electrode at the other end of the tool [72-79]. As the tool is gently raised to the surface, 
the strength of the current fluctuates according to the conductivity of the formation fluid. High resistivity levels 
are typically seen in oil-bearing regions. Dual lateral logs and micro-spherically focused logs are two examples 
of the most often used resistivity instruments. Dual induction logs, which use induction coils to monitor fluid 
conductivity, are also used to identify the fluid type and the degree of fluid saturation [80-85]. 


The SP log, one of the earliest logging equipment in the industry, involves lowering an electrode into 
the borehole and then comparing the resulting potential to a reference electrode at the top to determine the 
depth of the well. Depending on the clay percentage and water salinity of the formation, an electrochemical 
potential deflection is observed as the tool approaches a permeable formation. Logs of density: The bulk 
density of the formation can be measured with density logging equipment [86-99]. The device relies on 
radioactive materials. The bulk density of the rock is calculated by counting the number of gamma rays emitted 
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as a result of Compton scattering and photoelectric adsorption as the instrument is moved across the formation 
[100-104]. The latter is useful for gauging the permeability of a formation. 


The gamma-ray log uses a device that monitors the radioactivity of the formation to provide this reading. 
The radioactive potassium in clay found in shale beds sets it apart from the nonradioactive quartz particles that 
make up sandstone layers. Uranium and thorium can be found in shale in an adsorbed form as well [105-109]. 
A borehole profile, comprising the borehole's diameter and form, can be obtained with the help of a calliper 
log. As the instrument moves upward, its two arms press against the bore wall. A potentiometer at ground 
level is linked to the arms. Borehole shape changes are tracked and documented [110-114]. The acoustic 
method of spectral noise logging is employed to ascertain well integrity and locate production or injection 
zones. Fluid flow noise, as well as any leaks, in the subsurface system are captured by the instrument. 


The logging tool is a diameter log, and it is used to help characterise the reservoir. The orientation of 
geologic layers and the orientation of faults and fractures can be determined with the use of dipmeters, which 
employ imaging techniques to do so [115-121]. Modern-Way Drilling (MWD): This equipment, which has 
been used in the drilling business since the 1970s thanks to technological advancements, is able to transmit 
real-time data from the subsurface formation, such as rock porosity, density, fluid pressure, borehole trajectory, 
and so on. Electric and acoustic logs are just two of the many techniques used in MWD [122-127]. The use of 
radioactive materials is also permitted. Mud pulse telemetry, which involves sending pressure pulses down a 
mud column, is used to send the data to the surface. During horizontal drilling, MWD (also known as logging 
while drilling) gives real-time data on the position and orientation of a lateral segment [128]. 


Trucker wireline —Open Hole Wireline Logging 


In order to make a comparison, the Tucker Wireline crew followed the RMOTC logging contractor with 
a set of open-hole logs. The methods used were BHC Sonic porosity, density porosity, Dual Laterolog, and 
Phased Induction. The Dual Laterlog instrument offers both LLD and LLS, which are measures of resistivity 
depth. While the flushed, invaded, and transition zones will all contribute to LLS under typical conditions, the 
virgin zone will have the most impact on LLD. For a reliable reading, it is essential that the least-altered 
structure contributes the most. Therefore, the resistivity of the mud must be low compared to that of the 
formation. This instrument was developed at RMOTC's request to improve the quality of deep resistivity (Rt) 
measurements in the Tensleep formation. Methodology and Results of the Tests: After the contract logger had 
been gone for nearly two hours, an attempt was made to run the logs on April 5. At around 4400 feet, a bridge 
was found, and the logging attempt to clean the hole was halted [129-135]. Tucker reentered the well on April 
6 with the triple combination string and drilled to the driller's depth of 5947 feet. There were no issues with 
any of the three logging excursions [136-141]. 


Properties of Reservoir 

Reservoir determination relies on accurate information about the characteristics of rocks and fluids. 
Properties that can be defined or inferred using log measurements include the following. Water, oil, or gas 
saturation and permeability; lithology; shale volume; resistivity; [142-145]. The resistivity of a material is 
defined as the resistance it presents to the flow of an electrical current across a length of 1 m and a cross- 
sectional area of 1 sq m. Marked by the letter R; its SI derived units are the ohm metre [146]. 
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Rock porosity, lithology, and roughness all affect the speed at which sound travels through rock, which 
is used to create an acoustic log [147]. To assess the rock's properties, the equipment uses a transmitter to send 
out sound waves and a receiver to record the elapsed time it takes for the waves to return (fig. 1). 
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Figure 1: Resistivity Log 


The resistivity was the initial formation parameter measured by wireline logging, along with the record 
depth. Log resistivity readings are a function of rock porosity and fluid conductivity (salinity). It is used to 
evaluate the fluid permeability of a given formation. A symbol for it is K. It has extremely massive units. 
Darcy, and the standard unit of measurement is the millidarcy (MD). The pores, capillaries, or fractures in a 
rock must be interconnected for the rock to be permeable. Therefore, there is a correlation between porosity 
and permeability on a very rough scale. In general, higher permeability is associated with higher porosity, 
however this is by no means a hard and fast rule. Although shale and some sands are highly porous, their 
permeability may be quite low due to the small size of their grains. Limestone is an example of another type 
of formation that features dense rock that has been shattered by either little fissures or large fractures. A low 
porosity in such a formation doesn't necessarily mean a low permeability in a crack. 


It is quantified as the ratio of fluid volume to total pore volume. 

Saturation with water is the amount of formation water present in a given volume of pores. Sw represents 
saturation. 

Saturation with hydrocarbons refers to the extent to which hydrocarbons fill a certain volume of pores. 
Saturation is represented by the sign Sh. 

The percentage of its pore volume that contains oil or gas is its saturation. Some sort of fluid must fill 
the pores. Therefore, the total of all saturations in a particular formation rock must equal 100%. 

Sh= 1- Sw 

When attempting to estimate the hydrocarbon saturation of a reservoir, water saturation is the most 
crucial metric to consider. 
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Shale with thin layers of clay interbedded with sand that is a few hundredths of an inch thick is called 
laminar shale (Figure 2.1). Due to its negligible permeability and effective porosity, shale has a significant 
impact on the overall reservoir rock permeability and porosity. 

Shale that has been dispersed typically takes the place of the pore fluid within the sand's pores. This 
distribution is extremely detrimental to reservoir quality because it suffocates pores and lowers the reservoir 
unit's effective porosity and permeability. 


In the field, wireline logging is performed in a mobile laboratory logging truck. Surface instrumentation 
is required to provide power to the down-hole instruments, receive and analyse their signals, and to record the 
log permanently. It carries the down-hole measurement devices, the electrical line, and the winch needed to 
lower the instruments into the borehole. 


Depending on the setting (onshore or offshore) and the specifics of the logging job, logging service 
providers may employ a wide range of logging units. The following elements will be included in each package: 

* Logging cable 

¢ Winch to raise and lower the cable in the well 

* Self-contained 120-volt AC generator 

* Set of surface control panels 

¢ Set of downhole tools (sondes and cartridges) 

¢ Digital recording system 


RILLING RIG 


LOGGING UNIT 


LOGGING 
CABLE WINCH DRUM 


ELECTRONIC 
RECORDING EQUIPMENT 
AND/OR COMPUTER 


ROCKS 


LOGGING INSTRUMENT 


BOREHOLE FILLED WITH 
MUD, AIR OR GAS 


Figure 2: logging Unit 
Logging is a wireline process that involves lowering logging equipment as a function of depth to collect 
data on the physical properties of the various formations encountered in the well (fig.2). The behaviour of the 


well and reservoir formations can be better understood using these measurements. Finally 


* A high-quality log is an unbroken string of readings taken inside a borehole that reflects changes in the 
physical properties of the rocks being penetrated. 
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* As can be seen in the illustration, Logs are often presented on the girded paper. 
¢ The record can be captured on film, as still photographs, or digitally. 


There are two parts to the instruments used for taking measurements while down the hole. The sonde- 
shaped sensor is housed in one section. The down-hole tool consists of a cartridge containing the electronics 
that power the sensors, process and communicate signals to the truck; a cable with either seven insulated 
copper conductors or six copper conductors and one fibre optic conductor is used to lower and withdraw the 
tool from the well. 

Short normal tool spacing is 16 inches (0.40 m) and long normal tool spacing is 64 inches (L62 m). Zero 
represents the middle of the A and M electrodes and serves as a point of reference. The current flows between 
electrodes A and B in a lateral device. Electrodes M and N are used to measure the resulting potential 
difference (Figure 4). Electrodes with this kind of potential can be found on the sonde. In this case, the 
inscription is located directly in the middle between electrodes M and N. The AO distance is 18 feet and 8 
inches (5.7 m). The current and potential electrodes have been switched in this device compared to a standard 
device. The larger the gap, the greater the instrument's depth of field. As a result, the lateral device can probe 
more deeply than the standard device. 


Tools that measure localised resistance Conventional electrical logging systems' responses are sensitive 
to the borehole and surrounding formations. These impacts are reduced to a minimum by a class of resistivity 
instruments known as "focusing current" instruments. 


Laterolog 7, Laterolog 3, deep Latero log, and Dual Latero log device are all deep-reading instruments 
(DLL). The Dual Induction Laterolog (DIL) tool's Latero log 8 and the Deep Learning Laterolog (DLL) tool's 
shallow Laterolog are the medium to shallow reading devices, respectively. 

Measure the resistivity of the flooded zone (Rxo) and define permeable beds (Pbs) by identifying the 
presence of mud cake using a micro-resistivity device. The micro log is one such device. 

One can utilise a focused micro-resistivity tool to determine the resistivity of the flushed zone (Rxo) and 
to identify mud cake in order to define the boundaries of permeable beds. Microscopically focussed logging 
is one such instrument (MSF). The micro later log and proximity tools have been replaced by the pad-mounted 
spherically focused logging device known as the Micro SFL. 

It outperforms the other Echo products in two key ways. The DIL and DLL are just two examples of 
different logging tools that can be used in conjunction with the first. Since the micro later log measurement is 
less sensitive to mud cake, this avoids the requirement for a separate logging run. The mud coating has no 
effect on the proximity logs. 

Methods and materials: Choose the electrode spacing and bucking current control to reduce the mud 
cake effect. Bucking currents, travelling between the electrodes Ao and Al, flow in the mud cake and, to a 
lesser extent, in the formation. The surveying current runs outward from a central electrode, Ao. Lo, the 
measuring current, follows a straight line into the formation, "bells" out, and then travels back to a far-off 
electrode (B). By adjusting the bucking current, the voltage on the display can be brought to zero. 

First developed for use in both oil-base mud and air-drilled boreholes, induction logging is a method of 
determining the formation's resistivity. Multiple coils are used for both transmission and reception in induction 
tools. Using a sonde with a single coil for both transmission and reception helps illustrate the concept. 
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A transmitter coil is used to transmit the high-frequency current, and the resulting alternating-current 
magnetic field induces currents in the geological formation surrounding the borehole. These currents are 
produced by a transmitter coil and a ground loop. This results in a voltage being induced in the receiver coil 
by a magnetic field. The ground loop currents are proportional to the formation conductivity because the 
alternating current in the transmitter coil is both constant in frequency and amplitude. 

The conductivity of the formation can be measured by the voltage induced in the receiver coil, which is 
directly proportional to the ground loop currents. Both the sender and receiver coils are directly coupled to 
one another. The "bucking" coils can be used to get rid of the signal caused by this coupling. As long as the 
mud isn't too salty, the formations aren't too resistant, and the borehole diameter isn't too huge, the induction 
tool works effectively even when the borehole contains conductive mud. The radioactivity of the rocks in the 
area is measured. The shale composition of sedimentary rocks is reflected in where it settles. Clays and shales, 
rather than pure rocks, are where radioactive materials are most likely to be found in concentrations. 
Radioactive elements such as U, Th, and K in the rock can be identified with a gamma ray detector (usually a 
scintillation detector, with an active length of 8 to 12 inches). Each gamma ray identified by the detector 
triggers a single electrical pulse. Number of pulses detected per unit of time is the recorded parameter. 

Gauge of Density: Medium-energy gamma rays from a radioactive source are used in this method. You 
could think of these gamma rays as high-velocity particles that crash into the formation's electrons. The term 
"Compton scattering" is used to describe this sort of interaction. 

By measuring the number of Comptonscarrering collisions, we may infer the density of the formation 
from the scattered gamma rays that reach the detector from a fixed distance from the source. The density of 
the rock matrix, the density of the fluids, and the density of the formation all affect the real bulk density, p., 
which in turn affects the electron density. The density tool only goes so far in its research. Less than 8 inches 
from the borehole wall is where the density tool's signal is strongest. Most of the data collected by the CNL 
instrument is within a 12-inch radius of the borehole wall. Consequently, light hydrocarbons have less of an 
impact on the density tool than they do on the CNL instrument. 

Information regarding the company, the well, the tools used, the intervals recorded, and the mud records 
are all examples of what can be found in a Log Header. Stats on Variations The drawing of the logging tool 
indicates the method that was used to create the log. In need of a toolkit Offsets in sensors (fig.5). 


49 


Figure 5: Porosity Resistivity Log 
The data included in a Log The main log is a comprehensive record of all necessary data in relation to 
well depth. The client-defined colour codes and scales are displayed in multiple dimensions (1/500 and 1/200). 
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A Log Remark contains a caveat and supplementary data to aid with understanding. The data contained in the 
Log Calibrations document the successful completion of all pre- and post-operational inspections. The reading 
in the air from the tool wax is accurate. The instrument's most recent reading was well within specifications 
when it was tested at home base under controlled conditions. A Tech Log tells an engineer whether or not the 
tool was functioning normally at the time of logging. Hardware health monitoring (voltages, current) The 
colour green is wonderful. Don't wear red! The last part of a log is called the Tail. A small selection of logs 
(GR, SP, Neutron, Formation density, Sonic, Focused, Induction, Micro resistivity log, and Caliper) were used 
for this report. 

The logging equipment is sensitive to both pore materials and chemical composition (rock matrix) of the 
rock. Log analysis benefits most from using a rock categorization based on its chemical composition. 
Typically, identifying rocks in a well is as simple as looking at the log responses they produce. 

Knowledge of additional data linked with logs is helpful in understanding log measurements and the 
procedures used to gather these data. The log documents everything that takes place before, during, and after 
a borehole is drilled. Not all of the data in the log header came from the wireline logging tool's measurements. 
Some of the information measured by the logging team at the surface is often valuable in determining the 
formation evaluation. Accurate data collection and dissemination is essential. 


The water that permeates the porous formation rock is called formation water, connate water, or 
interstitial water depending on its location. Since resistivity is needed to determine saturation (water and 
hydrocarbons) from basic logs, it is an essential interpreting characteristic for formation water. Formation 
water Resistivity data can be obtained from a number of different places. Some examples are lists of known 
water quantities, the spontaneous potential (SP) curve, and calculations and diagrams of predicted resistivity. 
The SP-curves recorded in pristine water-bearing rocks make it straightforward to determine the wool value 
of Rw. A formation's static SP (SSP) value is proportional to the sum of the chemical activity (aw and am) of 
its water and its mental filtrate. SSP = -log(aw/am) * K 


For NaCl solution, K=71 at 77/ (25°C): k varies in direct proportion to temperature: 
K=61+0.1337 F K=65=0.24 TC 


Need a dilute NaCl solution for scientific experiments. The resistances decrease with increasing activity. 
This inverse proportionality holds true for low concentrations and most water types, but it breaks down for 
higher concentrations. So, we utilise Rw and Rmf, whose resistivities are comparable but which are counter- 
proportional to the activities. Both Rw and Rmf are measures of the equivalent resistivity of formation water 
and mud filtrate, respectively. For example, SSP = -K log (Rmfe/Rwe). In order to calculate the resistivity 
ratio (Rmf /Rw), we need to know the formation temperature and the static SP value recorded against a porous, 
permeable, non-shaly formation. We provide the surface Rmf value. Using the formula presented below, one 
may get the Rmf value at a given depth. 

Temp gradient =(Td-Ts) (100)/depth difference. Where, 

Td - Temp in the borehole at bottom depth Ts - Temp at the surface 


Surface temperature plus temperature gradient multiplied by a specified depth = ((Ts+6.77)/Temperature 
at that depth plus 6.77) / 100 Rmf At the surface, *Rmf If we know the SP value at a specific depth on SP 


chart-1, we can calculate the corresponding Rmfe/Rwe value. The Rmf value at a specific temperature and 
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depth is shown on SP chart-2, and from there the Rmfe value is estimated. The ratio of Rmfe to Rwe will give 
us the Rwe value. Then, based on the Rwe value depicted on SP chart-2, the matching Kw value is estimated 
at a specified depth and temperature. 

Key to formation: A formation's resistivity is found to be directly related to its brine saturation level, as 
demonstrated by Archie's experiment. The formation resistivity factor is the proportionality constant (F). In 
addition, an empirical connection between formation factor and porosity is established as the final step of his 
experiment. 

Method of Resistivity Ratio: Drilling a borehole introduces mud filtrate into the nearby deposit. A low 
resistivity zone typically exists in close proximity to the borehole in an oil-bearing zone. And a distant one 
with greater resistance. Therefore, hydrocarbons can be detected by comparing a deep resistivity device to a 
shallow one. Saturation in water can be expressed as a function of the ratio of these positive curves using 
Archie's equation. 


Porous reservoirs can have their shale volume estimated using the natural gamma ray log. Vshale is the 
volume of shale as a percentage or decimal fraction. 


Calculating the gamma-ray index is the first step needed to determine the volume of shale from the 
gamma-ray log. 

For clean formation: 

Me =2 ON +7 0D 


Without any other channels of signal interference, log data processing is a competitive method for 
detecting wellbore features. The flowchart explains the processes involved in confessing and interpretation. 
The petroleum reservoir is the geological formation that houses the petroleum pool, and every reservoir is 
different. Certain metrics must be estimated in order to characterise a server. Porosity, permeability, and 
saturation are the primary reservoir characterisation characteristics. 


Conclusion 


Since the reservoir describes the formation as being invaded by mud filtrate near the formation wellbore, 
this may make logging ineffective for gathering information about the formation, as the shale's response to 
logs will vary depending on the distance from the formation wellbore that the mud occupies. Water resistivity 
and saturation volume as a function of porosity are demonstrated as a result. In water-bearing and hydrocarbon- 
bearing formations, effective porosity (eff), shale volume (Vsh), and saturation (Sw) can be determined from 
sample data taken in the well. In Well Logging Services, the Geoframe software suite is used on workstations 
to process the same log data sets. The parameter logs indicate the presence of gas oil contacts (GOC), oil water 
contacts (OWC), and gas shale contacts (GSC) when they are discovered. Logging medium and reservoir depth 
indicate the presence of oil and gas as well as water contact in the reservoir, as well as the presence or absence 
of clean sand. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 38 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES _ Vol: 04 Issue: 05 | May 2023 


Reference 


10. 


11. 


12. 


ie? 


Bloembergen, N. (1966). “Paramagnetic resonance precision method and apparatus for well 
logging”. U.S. Patent 3,242,422. 

Chitale, D. V., & Sullivan, C. (2004, January). Standard Workflows to Integrate Borehole Images 
with Other Openhole Logs for Reservoir Characterization. In SPE Annual Technical Conference 
and Exhibition. Society of Petroleum Engineers. 

Tawfeeq, Y. J., Najmuldeen, M. Y., & Ali, G. H. (2020). Optimal statistical method to predict 
subsurface formation permeability depending on open hole wireline logging data: A comparative 
study. Periodicals of Engineering and Natural Sciences, 8(2), 736-749. 

Mullins OC, Hashem M, Elshahawi H, Fujisawa G, Dong C, Betancourt S, Terabayashi T. 
Hydrocarbon compositional analysis in-situ in openhole wireline logging. NSPWLA 45th Annual 
Logging Symposium 2004 Jan 1. Society of Petrophysicists and Well-Log Analysts. 

K. Venkata Ramana and K. Venugopal Rao, “Investigation of source code mining using novel 
code mining parameter matrix: Recent state of art,” International Journal of Latest Trends in 
Engineering and Technology, vol. 7, no. 3, 2016. 

K. Venkata Ramana and Dr. K. Venugopla Rao, “A novel automatic source code defects detection 
framework and evaluation on popular java open source APIs,” International Journal of Advanced 
Research in Computer Science, vol. 8, no. 5, pp. 1741-1746, 2017. 

K. Venkata Ramana and K. Venugopala Rao, “An evaluation of popular code mining frameworks 
through severity based defect rule,” International Journal of Emerging Technology and Advanced 
Engineering, Vol.7, No.6, PP.375-380. 

K. Venkata Ramana and Dr. K. Venugopal Rao, “A severity based source code defect finding 
framework and improvements over methods,” International Journal of Applied Engineering 
Research Vol.7, No.3, PP.15202-15214. 

J. Aswini, B. Yamini, K. Venkata Ramana, and J. Jegan Amarnath, “An efficient liver disease 
prediction using mask-regional convolutional neural network and pelican optimization algorithm,” 
IETE J. Res., pp. 1-12, 2023. 

K. V. Ramana, A. Muralidhar, B. C. Balusa, M. Bhavsingh, and S. Majeti, “An approach for 
mining top-k high utility item sets (HUD),” International Journal on Recent and Innovation Trends 
in Computing and Communication, vol. 11, no. 2s, pp. 198-203, 2023. 

B. Yamini, V. Ramana Kaneti, M. Nalini, and S. Subramanian, “Machine Learning-driven PCOS 
prediction for early detection and tailored interventions”, SSRG International Journal of Electrical 
and Electronics Engineering, Volume 10, Issue No 9, PP 61-75. 

Venkata Ramana K., Hemanth Kumar Yadav G., Hussain Basha P., Lankoji Venkata 
Sambasivarao, Balarama Krishna Rao Y.V., M.Bhavsingh, “Secure and Efficient Energy Trading 
using Homomorphic Encryption on the Green Trade Platform’, International Journal of Intelligent 
Systems and Applications in Engineering, VOL. 12 NO. 1S (2024), PP 345-360. 

R. Siva Subramanian; K. Sudha; K.Venkata Ramana; S. SivaKumar; R. Nithyanandhan, and M. 
Nalini, “Hybrid Variable Selection Approach to Analyse High Dimensional Dataset”, 2023 7th 
International Conference on Computing Methodologies and Communication (ICCMC), PP.1489-— 
1495, 2023. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 39 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES __ Vol: 04 Issue: 05 | May 2023 


14. 


1S. 


16. 


17. 


18. 


19: 


20. 


2k 


22. 


pee 


24. 


23. 


K. Venkata Ramana, C Sowntharya, K Jithesh, Poli Lokeshwara Reddy, M C Apoorva, and Ashok 
Kumar, “DWT Algorithm for Macro & Micro Block based Multiple Histogram Shifting for Video 
Data Hiding”, 2022 International Conference on Automation, Computing and Renewable Systems 
(ICACRS), PP. 1121-1127, February 2023. 

K. Venkata Ramana, Yuvasri. B, Sultanuddin Sj, P. Ponsudha, Sowmya Pd; A. Visva Sangeetha, 
“Applying Cost-Sensitive Learning Methods to Improve Extremely Unbalanced Big Data 
Problems Using Random Forest”, 2023 International Conference on Advances in Computing, 
Communication and Applied Informatics (ACCAI), 04 August 2023, Publisher: IEEE. 

K. Venkata Ramana, S. Arulkumar, Asmita Marathe, Kedir Beshir, V Jaiganesh, K. Tamilselvi, 
and M. Sudhakar, “Design and Implementation of Renewable Energy Applications Based Bi- 
Directional Buck-Boost Converter”, 2023 3rd International Conference on Innovative Practices in 
Technology and Management (ICIPTM), 10 May 2023, Publisher: IEEE 

F. Mary Harin Fernandez, I. S. Hephzi Punithavathi, T. Venkata Ramana and K. Venkata Ramana 
“Semantic-Based Feature Extraction and Feature Selection in Digital Library User Behaviour 
Dataset”, Part of the Lecture Notes on Data Engineering and Communications Technologies book 
series (LNDECT, volume 141), 5th International Conference on Computer Networks and 
Inventive Communication Technologies (ICCNCT 2022). 

Maashi, M., Alamro, H., Mohsen, H, Negm, N., Mohammed, G., Ahmed, N., Ibrahim, S. and 
Alsaid, M. Modelling of Reptile Search Algorithm with Deep Learning Approach for Copy Move 
Image Forgery Detection (2023), IEEE Access. 

Maashi, M,Al-Hagery,M., Rizwanullah, M & Osman, A.,(2023 (Automated Gesture Recognition 
Using African Vulture Optimization with Deep Learning for Visually Impaired People on Sensory 
Modality Data, Journal of Disability Research, 1-12. 

Maashi, M., Ali, Y., Motwakel, A., Aziz, A., Hamza, A. and Abdelmageed, A. (2023) Anas 
Platyrhynchos Optimizer with Deep Transfer Learning based Gastric Cancer Classification on 
Endoscopic Images, Electronic Research Archive, 31(6) 3200-3217. 

MD.Mobin Akhtar, Abdallah Saleh Ali Shatat, Shabi Alam Hameed Ahamad, Sara Dilshad & 
Faizan Samdani,” Optimized cascaded CNN for intelligent rainfall prediction model: a research 
towards Statistic based machine learning,” Theoretical Issues in Ergonomics Science, Taylor & 
Francis Volume 24,no. 5 p. 564 2022. 

Md. Mobin Akhtar, Abu Sarwar Zamani, Shakir Khan, Abdallah Saleh Ali Shatat, Faizan Samdani, 
Sara Dilshad. “Stock market prediction based on statistical data using machine learning 
algorithms”, Journal of King Saud University — Science, Vol.34, no.2, 2022. 

MD. Mobin Akhtar, Raid Saleh Ali, Abdallah Saleh Ali Shatat, Shatat,Shabi Alam Hameed, 
Sakher (M.A) Ibrahim Alnajdawi. “IoMT-based smart healthcare monitoring system using 
adaptive wavelet entropy deep feature fusion and improved RNN”, Multimedia Tools and 
Applications, Springer Nature. 

MD. Mobin Akhtar, Danish Ahamad, Abdallah Saleh Ali Shatat & Alameen, Eltoum M. 
Abdalrahman.”Enhanced heuristic algorithm-based energy-aware resource optimization for 
cooperative IoT”, International Journal of Computers and Applications, Taylor & Francis, 
Vol.44,no.10, 2022. 

MD Mobin Akhtar, Danish Ahamad, Alameen Eltoum M. Abdalrahman, Abdallah Saleh Ali 
Shatat,,| Ahmad Saleh Ali Shatat, ” A novel hybrid meta-heuristic concept for green 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 40 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES _ Vol: 04 Issue: 05 | May 2023 


26. 


21. 


28. 


29. 


30. 


a1, 


32 


ces 


34. 


35. 


36. 


ot: 


38. 


oo. 


40. 


communication in IoT networks: An intelligent clustering model”, International journal 
communication systems, wiley, Vol.35,no.6,2021. 

Abu Sarwar Zamani, Md. Mobin Akhtar, Abdallah Saleh Ali Shatat, Rashid Ayub, Irfan Ahmad 
Khan, Faizan Samdani, “Cloud Network Design and Requirements for the Virtualization System 
for IoT Networks”, IJCSNS International Journal of Computer Science and Network Security. 
Vol.22,no.11,2022. 

Alshareef, H, and Maashi. M, (2022). Application of Multi-Objective Hyper-Heuristics to Solve 
the Multi-Objective Software Module Clustering Problem, Applied Sciences, 12(1).5649. 
Maashi, M. (2022). A Comprehensive Review of Software Testing Methodologies Based on 
Search-based Software Engineering, Webology ,19( 2) 5716- 5728. 

Ben Zayed, H, and Maashi, M. (2021) Optimizing the Software Testing Problem Using Search- 
Based Software Engineering Techniques, Intelligent Automation & Soft Computing .29(1),307- 
SL, 

Albalawi. F., and Maashi, M. (2021) A Methodology for Selection and Optimization the Software 
Development Life Cycles based on Genetic Algorithm, Intelligent Automation & Soft Computing. 
,28(1), 39-52. 

Maashi, M., Almanea, G., Alqurashi, R., Alharbi, N., Alharkan, R., Alsadhan, F. (2019) A greedy 
linear heuristic to solve Group-Project allocation problem: A case study at SWE-KSU”. 
International Conference on Communication, Management and Information Technology- 
ICCMIT’ 19, Vienna, Austria, March. 

Maashi, M., Kendall, G., and Ozcan, E. (2015). Choice function based hyper-heuristics for multi- 
objective optimization, Applied Soft Computing,28, 312-326. 

Maashi, M., Ozcan, E. and Kendall, G. (2014). “A multi-objective hyper-heuristic based on choice 
function”, Expert Systems with Applications, 41(9) 4475-4493. 

Alarood, A. A., Faheem, M., Al-Khasawneh, M. A., Alzahrani, A. I., & Alshdadi, A. A. (2023). 
Secure medical image transmission using deep neural network in e-health applications. Healthcare 
Technology Letters, 10(4), 87-98. 

Markkandeyan, S., Gupta, S., Narayanan, G. V., Reddy, M. J., Al-Khasawneh, M. A., Ishrat, M., 
& Kiran, A. (2023). Deep learning based semantic segmentation approach for automatic detection 
of brain tumor. International Journal of Computers Communications & Control, 18(4). 
Al-Khasawneh, M. A., Alzahrani, A., & Alarood, A. (2023). Alzheimer’s Disease Diagnosis Using 
MRI Images. In Data Analysis for Neurodegenerative Disorders (pp. 195-212). Singapore: 
Springer Nature Singapore. 

Al-Khasawneh, M. A., Alzahrani, A., & Alarood, A. (2023). An Artificial Intelligence Based 
Effective Diagnosis of Parkinson Disease Using EEG Signal. In Data Analysis for 
Neurodegenerative Disorders (pp. 239-251). Singapore: Springer Nature Singapore. 
Al-Khasawneh, M. A., Faheem, M., Aldhahri, E. A., Alzahrani, A., & Alarood, A. A. (2023). A 
MapReduce Based Approach for Secure Batch Satellite Image Encryption. IEEE Access. 

K. Peddireddy, "Streamlining Enterprise Data Processing, Reporting and Realtime Alerting using 
Apache Kafka," 2023 11th International Symposium on Digital Forensics and Security (ISDFS), 
Chattanooga, TN, USA, 2023, pp. 1-4. 

Kiran Peddireddy. Kafka-based Architecture in Building Data Lakes for Real-time Data Streams. 
International Journal of Computer Applications 185(9):1-3, May 2023. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 41 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES __ Vol: 04 Issue: 05 | May 2023 


41. 


42. 


43. 


44. 


45. 


46. 


47. 


48. 


49. 


50. 


SI: 


D2. 


D3: 


54. 


J. 


Anitha Peddireddy, Kiran Peddireddy, "Next-Gen CRM Sales and Lead Generation with AI," 
International Journal of Computer Trends and Technology, vol. 71, no. 3, pp. 21-26, 2023. 
Peddireddy, K., and D. Banga. "Enhancing Customer Experience through Kafka Data Steams for 
Driven Machine Learning for Complaint Management." International Journal of Computer Trends 
and Technology 71.3 (2023): 7-13. 

S. Rangineni and D. Marupaka, “Data Mining Techniques Appropriate for the Evaluation of 
Procedure Information,” International Journal of Management, IT & Engineering, vol. 13, no. 9, 
pp. 12-25, Sep. 2023. 

S. Rangineni, “An Analysis of Data Quality Requirements for Machine Learning Development 
Pipelines Frameworks,” International Journal of Computer Trends and Technology, vol. 71, no. 9, 
pp. 16-27, 2023. 

S. Agarwal, “Unleashing the Power of Data: Enhancing Physician Outreach through Machine 
Learning,” International Research Journal of Engineering and Technology, vol. 10, no. 8, pp. 717— 
725, Aug. 2023. 

S. Agarwal, “An Intelligent Machine Learning Approach for Fraud Detection in Medical Claim 
Insurance: A Comprehensive Study,” Scholars Journal of Engineering and Technology, vol. 11, 
no. 9, pp. 191—200, Sep. 2023. 

Bhanushali, K. Sivagnanam, K. Singh, B. K. Mittapally, L. T. Reddi, and P. Bhanushali, “Analysis 
of Breast Cancer Prediction Using Multiple Machine Learning Methodologies”, Int J Intell Syst 
Appl Eng, vol. 11, no. 3, pp. 1077-1084, Jul. 2023. 

S. Parate, H. P. Josyula, and L. T. Reddi, “Digital Identity Verification: Transforming Kyc 
Processes In Banking Through Advanced Technology And Enhanced Security Measures,” 
International Research Journal of Modernization in Engineering Technology and Science, vol. 5, 
no. 9, pp. 128-137, Sep. 2023. 

K. Peddireddy and D. Banga, “Enhancing Customer Experience through Kafka Data Steams for 
Driven Machine Learning for Complaint Management,” International Journal of Computer Trends 
and Technology, vol. 71, no. 3, pp. 7-13, 2023. 

K. Peddireddy, “Kafka-based Architecture in Building Data Lakes for Real-time Data Streams,” 
International Journal of Computer Applications, vol. 185, no. 9, pp. 1-3, May 2023. 

R. Kandepu, “IBM FileNet P8: Evolving Traditional ECM Workflows with AI and Intelligent 
Automation,” International Journal of Innovative Analyses and Emerging Technology, vol. 3, no. 
9, pp. 23-30, Sep. 2023. 

R. Kandepu, “Leveraging FileNet Technology for Enhanced Efficiency and Security in Banking 
and Insurance Applications and its future with Artificial Intelligence (AI) and Machine Learning,” 
International Journal of Advanced Research in Computer and Communication Engineering, vol. 
12, no. 8, pp. 20-26, Aug. 2023. 

Rina Bora, Deepa Parasar, Shrikant Charhate , A detection of tomato plant diseases using deep 
learning MNDLNN classifier, , Signal, Image and Video Processing, April 2023. 

Deepa Parasar, Vijay R. Rathod, Particle swarm optimization K-means clustering segmentation of 
foetus Ultrasound Image, Int. J. Signal and Imaging Systems Engineering, Vol. 10, Nos. 1/2, 2017. 
Parvatikar, S., Parasar, D. (2021). Categorization of Plant Leaf Using CNN. (eds) Intelligent 
Computing and Networking. Lecture Notes in Networks and Systems, vol 146. Springer, 
Singapore. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 42 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES _ Vol: 04 Issue: 05 | May 2023 


56. 


ewe 


58. 


a9: 


60. 


61. 


62. 


63. 


64. 


65. 


66. 


67. 


68. 


Naufil Kazi, Deepa Parasar, Yogesh Jadhav, Predictive Risk Analysis by using Machine Learning 
during Covid-19, in Application of Artificial Intelligence in COVID-19 book by Springer 
Singapore. ISBN:978-98 1-15-7317-0. 

Naufil Kazi, Deepa Parasar, Human Identification Using Thermal Sensing Inside Mines, 2021 5th 
International Conference on Intelligent Computing and Control Systems (ICICCS), Madurai, 
India, 2021, pp. 608-615. 

Yogesh Jadhav, Deepa Parasar, Fake Review Detection System through Analytics of Sales Data 
in Proceeding of First Doctoral Symposium on Natural Computing Research by Springer 
Singapore. Lecture Notes in Networks and Systems book series (LNNS, volume 169), ISBN 978- 
981-334-072-5. 

Parasar, D., Jadhav, Y.H. (2021). An Automated System to Detect Phishing URL by Using 
Machine Learning Algorithm. In: Raj, J.S. (eds) International Conference on Mobile Computing 
and Sustainable Informatics. ICMCSI 2020. EAI/Springer Innovations in Communication and 
Computing. Springer, Cham. 

Parasar, D., Jadhav, Y.H. (2021). An Automated System to Detect Phishing URL by Using 
Machine Learning Algorithm. In: Raj, J.S. (eds) International Conference on Mobile Computing 
and Sustainable Informatics. ICMCSI 2020. EAI/Springer Innovations in Communication and 
Computing. Springer, Cham. 

Deepa Parasar, Preet V. Smit B., Vivek K., Varun I., Aryaa S., Blockchain Based Smart Integrated 
Healthcare System, Frontiers of ICT in Healthcare, April 2023 Lecture Notes in Networks and 
Systems, vol 519. Springer, Singapore, EAIT 2022. 

Deepa Parasar., Sahi, I., Jain, S., Thampuran, A. (2022). Music Recommendation System Based 
on Emotion Detection. Artificial Intelligence and Sustainable Computing. Algorithms for 
Intelligent Systems. Springer, Singapore.. 

Mishra, S., & Samal, S. K. (2023). An Efficient Model for Mitigating Power Transmission 
Congestion Using Novel Rescheduling Approach. Journal of Circuits, Systems and Computers, 
2350237. 

Samal, S. K., & Khadanga, R. K. (2023). A Novel Subspace Decomposition with Rotational 
Invariance Technique to Estimate Low-Frequency Oscillatory Modes of the Power Grid. Journal 
of Electrical and Computer Engineering, 2023. 

A. B. Naeem, B. Senapati, M. S. Islam Sudman, K. Bashir, and A. E. M. Ahmed, “Intelligent road 
management system for autonomous, non-autonomous, and VIP vehicles,” World Electric Veh. 
J., vol. 14, no. 9, p. 238, 2023. 

A. M. Soomro et al., “Constructor development: Predicting object communication errors,” in 2023 
IEEE International Conference on Emerging Trends in Engineering, Sciences and Technology 
(ICES&T), 2023. 

A. M. Soomro et al., “In MANET: An improved hybrid routing approach for disaster 
management,” in 2023 IEEE International Conference on Emerging Trends in Engineering, 
Sciences and Technology (ICES&T), 2023. 

B. Senapati, J. R. Talburt, A. Bin Naeem, and V. J. R. Batthula, “Transfer learning based models 
for food detection using ResNet-50,” in 2023 IEEE International Conference on Electro 
Information Technology (eIT), 2023. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 43 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES _ Vol: 04 Issue: 05 | May 2023 


69. 


70. 


Tl: 


eR 


vie? 


74. 


do: 


76. 


ree 


78. 


79. 


80. 


81. 


B. Senapati and B. S. Rawal, “Quantum communication with RLP quantum resistant cryptography 
in industrial manufacturing,” Cyber Security and Applications, vol. 1, no. 100019, p. 100019, 
2023. 

B. Senapati and B. S. Rawal, “Adopting a deep learning split-protocol based predictive 
maintenance management system for industrial manufacturing operations,” in Lecture Notes in 
Computer Science, Singapore: Springer Nature Singapore, 2023, pp. 22-39. 
Venkatasubramanian.S, et al. “ A Cross Layer Supported Non-Reservation Based Approach For 
Qos Provisioning In Mobile Ad Hoc Networks”, International Journal of Innovative Research in 
Science and Engineering, vol.3, No.2, 184-189. 2017 

Venkatasubramanian, S., Suhasini, A., Vennila, C. “QoS Provisioning in MANET Using Fuzzy- 
Based Multifactor Multipath Routing Metric”. In proceedings of Sustainable Communication 
Networks and Application. Lecture Notes on Data Engineering and Communications 
Technologies, vol 93. Springer, Singapore. 

R. Harini, R. Janani, S. Keerthana, S$. Madhubala and S. Venkatasubramanian, "Sign Language 
Translation," 2020 6th International Conference on Advanced Computing and Communication 
Systems (ICACCS), 2020, pp. 883-886. 

S.Venkatasubramanian, A. Suhasini, C.Vennila, "Cluster Head Selection and Optimal Multipath 
detection using Coral Reef Optimization in MANET Environment", International Journal of 
Computer Network and Information Security(IJCNIS), Vol.14, No.3, pp.88-99, 2022. 
Venkatasubramanian, S., Suhasini, A., Lakshmi Kanthan, “Sparrow Search Algorithm for 
Detecting the Cross-layer Packet Drop Attack in Mobile Ad Hoc Network (MANET) 
Environment”, Computer Networks, Big Data and IoT. Lecture Notes on Data Engineering and 
Communications Technologies, vol 117, 2022, Springer, Singapore. 

Veena, A., Gowrishankar, S. An automated pre-term prediction system using EHG signal with the 
aid of deep learning technique. Multimed Tools Appl (2023). 

A. Veena and S. Gowrishankar, "Context based healthcare informatics system to detect gallstones 
using deep learning methods," International Journal of Advanced Technology and Engineering 
Exploration, vol. 9, (96), pp. 1661-1677, 2022. 

Veena, A., Gowrishankar, S. (2021). Healthcare Analytics: Overcoming the Barriers to Health 
Information Using Machine Learning Algorithms. In: Chen, J.IZ., Tavares, J.M.R.S., Shakya, S., 
Iliyasu, A.M. (eds) Image Processing and Capsule Networks. ICIPCN 2020. Advances in 
Intelligent Systems and Computing, vol 1200. Springer, Cham. 

A. Veena and S. Gowrishankar, "Processing of Healthcare Data to Investigate the Correlations and 
the Anomalies," 2020 Fourth International Conference on I-SMAC (IoT in Social, Mobile, 
Analytics and Cloud) (I-SMAC), Palladam, India, 2020, pp. 611-617, 

A. Veena and S. Gowrishankar, "Applications, Opportunities, and Current Challenges in the 
Healthcare Industry", 2022 Healthcare 4.0: Health Informatics and Precision Data Management, 
2022, pp. 27-50. 

K. Bhardwaj, S. Rangineni, L. Thamma Reddi, M. Suryadevara, and K. Sivagnanam, “Pipeline- 
Generated Continuous Integration and Deployment Method For Agile Software Development,” 
European Chemical Bulletin, vol. 12, no. Special Issue 7, pp. 5590-5603, 2023. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 44 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES __ Vol: 04 Issue: 05 | May 2023 


82. 


83. 


84. 


85. 


86. 


87. 


88. 


89. 


90. 


91. 


92. 


93. 


94. 


95. 


96. 


of; 


S. Rangineni, D. Marupaka, and A. K. Bhardwaj, “An examination of machine learning in the 
process of data integration,” International Journal of Computer Trends and Technology, vol. 71, 
no. 6, pp. 79-85, Jun. 2023. 

T. K. Behera, D. Marupaka, L. Thamma Reddi, and P. Gouda, “Enhancing Customer Support 
Efficiency through Seamless Issue Management Integration: Issue Sync Integration System,” 
European Chemical Bulletin, vol. 12, no. 10, pp. 1157-1178. 

S. Rangineni and D. Marupaka, “Analysis Of Data Engineering For Fraud Detection Using 
Machine Learning And Artificial Intelligence Technologies,” International Research Journal of 
Modernization in Engineering Technology and Science, vol. 5, no. 7, pp. 2137-2146, Jul. 2023. 
L. Thamma Reddi, “Transforming Management Accounting: Analyzing The Impacts Of 
Integrated Sap Implementation,” International Research Journal of Modernization in Engineering 
Technology and Science, vol. 5, no. 8, pp. 1786-1793, Aug. 2023. 

M. Suryadevera, S. Rangineni, and S. Venkata, “Optimizing Efficiency and Performance: 
Investigating Data Pipelines for Artificial Intelligence Model Development and Practical 
Applications,” International Journal of Science and Research, vol. 12, no. 7, pp. 1330-1340, Jul. 
2023. 

D. Marupaka, S. Rangineni, and A. K. Bhardwaj, “Data Pipeline Engineering in The Insurance 
Industry: A Critical Analysis Of Etl Frameworks, Integration Strategies, And Scalability,” 
International Journal Of Creative Research Thoughts, vol. 11, no. 6, pp. c530—c539, Jun. 2023. 

S. Rangineni, A. K. Bhardwaj, and D. Marupaka, “An Overview and Critical Analysis of Recent 
Advances in Challenges Faced in Building Data Engineering Pipelines for Streaming Media,” The 
Review of Contemporary Scientific and Academic Studies, vol. 3, no. 6, Jun. 2023. 

B. Nemade and D. Shah, “An IoT based efficient Air pollution prediction system using DLMNN 
classifier,’ Phys. Chem. Earth (2002), vol. 128, no. 103242, p. 103242, 2022. 

B. Nemade and D. Shah, “An efficient IoT based prediction system for classification of water 
using novel adaptive incremental learning framework,” J. King Saud Univ. - Comput. Inf. Sci., 
vol. 34, no. 8, pp. 5121-5131, 2022. 

B. Nemade, “Automatic traffic surveillance using video tracking,” Procedia Comput. Sci., vol. 79, 
pp. 402-409, 2016. 

K. Gaurav, A. S. Ray, and N. K. Sahu, “Factors Determining the Role of Brand in Purchase 
Decision of Sportswear,” PalArch’s Journal of Archaeology of Egypt / Egyptology, vol. 17, no. 7, 
pp. 2168-2186, 2020. 

Khan, S. (2021). Data Visualization to Explore the Countries Dataset for Pattern Creation. 
International Journal of Online Biomedical Engineering, 17(13), 4-19. 

Khan, S. (2021). Visual Data Analysis and Simulation Prediction for COVID-19 in Saudi Arabia 
Using SEIR Prediction Model. International Journal of Online Biomedical Engineering, 17(8). 
Khan, S. (2022). Business Intelligence Aspect for Emotions and Sentiments Analysis. Paper 
presented at the 2022 First International Conference on Electrical, Electronics, Information and 
Communication Technologies (ICEEICT). 

Khan, S. (2021). Study Factors for Student Performance Applying Data Mining Regression Model 
Approach. International Journal of Computer Science Network Security, 21(2), 188-192. 

Khan, S., & Alshara, M. (2019). Development of Arabic evaluations in information retrieval. 
International Journal of Advanced Applied Sciences, 6(12), 92-98. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 45 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES _ Vol: 04 Issue: 05 | May 2023 


98. 


99; 


100. 


101. 


102. 


103. 


104. 


105. 


106. 


107. 


108. 


109. 


110. 


111. 


Fazil, M., Khan, S., Albahlal, B. M., Alotaibi, R. M., Siddiqui, T., & Shah, M. A. (2023). 
Attentional Multi-Channel Convolution With Bidirectional LSTM Cell Toward Hate Speech 
Prediction. IEEE Access, 11, 16801-16811. 

Khan, S., Siddiqui, T., Mourade, A. et al. Manufacturing industry based on dynamic soft sensors 
in integrated with feature representation and classification using fuzzy logic and deep learning 
architecture. Int J Adv Manuf Technol (2023). 

Khan, S., & AlSuwaidan, L. (2022). Agricultural monitoring system in video surveillance object 
detection using feature extraction and classification by deep learning techniques. Computers and 
Electrical Engineering, 102, 108201. 

S. Khan, V. Ch, K. Sekaran, K. Joshi, C. K. Roy and M. Tiwari, "Incorporating Deep Learning 
Methodologies into the Creation of Healthcare Systems," 2023 International Conference on 
Artificial Intelligence and Smart Communication (AISC), Greater Noida, India, 2023, pp. 994- 
998. 

Gupta, G., Khan, S., Guleria, V., Almjally, A., Alabduallah, B. I., Siddiqui, T., Albahlal, B. M., et 
al. (2023). DDPM: A Dengue Disease Prediction and Diagnosis Model Using Sentiment Analysis 
and Machine Learning Algorithms. Diagnostics, 13(6), 1093. 

S. S. Banait, S. S. Sane, D. D. Bage and A. R. Ugale, “Reinforcement mSVM: An Efficient 
Clustering and Classification Approach using reinforcement and supervised Technique, 
International Journal of Intelligent Systems and Applications in Engineering (IJISAE), Vol.35, 
no.1S, p .78-89. 2022. 

S. S. Banait, S. S. Sane and S. A. Talekar, “An efficient Clustering Technique for Big Data 
Mining” , International Journal of Next Generation Computing (IJNGC) , Vol.13, no.3, pp.702- 
717, 2022. 

S. A. Talekar , S. S. Banait and M. Patil.. “Improved Q- Reinforcement Learning Based Optimal 
Channel Selection in CognitiveRadio Networks,” International Journal of Computer Networks & 
Communications (IJCNC), Vol.15, no.3, pp.1-14, 2023. 

S. S. Banait and S. S. Sane, “Novel Data Dimensionality Reduction Approach Using Static 
Threshold, Minimum Projection Error and Minimum Redundancy, “ Asian Journal of Organic & 
Medicinal Chemistry (AJOMC) , Vol.17, no.2, pp.696-705, 2022. 

S. S. Banait and S. S. Sane, “Result Analysis for Instance and Feature Selection in Big Data 
Environment, “International Journal for Research in Engineering Application & Management 
(JREAM), Vol.8, no.2, pp.210-215, 2022. 

G. K. Bhamre and S. S. Banait, “Parallelization of Multipattern Matching on GPU, “International 
Journal of Electronics, Communication & Soft Computing Science and Engineering, Vol.3, no.3, 
pp.24-28, 2014. 

I. K. Gupta, A. Choubey, and S. Choubey, “Salp swarm optimisation with deep transfer learning 
enabled retinal fundus image classification model,” Int. J. Netw. Virtual Organ., vol. 27, no. 2, p. 
163-180, 2022. 

Gupta, I.K., Choubey, A. and Choubey, S., 2022. Mayfly optimization with deep learning enabled 
retinal fundus image classification model. Computers and Electrical Engineering, 102, p.108176. 
Gupta, I.K., Choubey, A. and Choubey, S., 2022. Artifical intelligence with optimal deep learning 
enabled automated retinal fundus image classification model. Expert Systems, 39(10), p.e13028. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 46 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES __ Vol: 04 Issue: 05 | May 2023 


112. 


113. 


114. 


115. 


116. 


117. 


118. 


119. 


120. 


(ale 


122. 


123. 


124. 


125. 


126. 


127. 


Mishra, A.K., Gupta, I.K., Diwan, T.D. and Srivastava, S., 2023. Cervical precancerous lesion 
classification using quantum invasive weed optimization with deep learning on biomedical pap 
smear images. Expert Systems, p.e13308. 

Gupta, I.K., Mishra, A.K., Diwan, T.D. and Srivastava, S., 2023. Unequal clustering scheme for 
hotspot mitigation in IoT-enabled wireless sensor networks based on fire hawk optimization. 
Computers and Electrical Engineering, 107, p.108615. 

Mishra, S., & Kumar Samal, S. (2023). Mitigation of transmission line jamming by price intrusion 
technique in competitive electricity market. International Journal of Ambient Energy, 44(1), 171- 
176. 

B. Subudhi, S. K. Sarnal and S. Ghosh, "A new low-frequency oscillatory modes estimation using 
TLS-ESPRIT and least mean squares sign-data (LMSSD) adaptive filtering," TENCON 2017 - 
2017 IEEE Region 10 Conference, Penang, Malaysia, 2017, pp. 751-756. 

P. K. Sahu, S. Maity, R. K. Mahakhuda and S. K. Samal, "A fixed switching frequency sliding 
mode control for single-phase voltage source inverter," 2014 International Conference on Circuits, 
Power and Computing Technologies [ICCPCT-2014], Nagercoil, India, 2014, pp. 1006-1010. 
Mishra, S., & Samal, S. K. (2023). Impact of electrical power congestion and diverse transmission 
congestion issues in the electricity sector. Energy Systems, 1-13. 

Sahoo, A. K., & Samal, S. K. (2023). Online fault detection and classification of 3-phase long 
transmission line using machine learning model. Multiscale and Multidisciplinary Modeling, 
Experiments and Design, 6(1), 135-146. 

A. Patel, S. Samal, S. Ghosh and B. Subudhi, "A study on wide-area controller design for inter- 
area oscillation damping," 2016 2nd International Conference on Control, Instrumentation, Energy 
& Communication (CIEC), Kolkata, India, 2016, pp. 245-249. 

Meng, F., Jagadeesan, L., & Thottan, M. (2021). Model-based reinforcement learning for service 
mesh fault resiliency in a web application-level. arXiv preprint arXiv:2110.13621. 

Meng, F., Zhang, L., & Chen, Y. (2023) FEDEMB: An Efficient Vertical and Hybrid Federated 
Learning Algorithm Using Partial Network Embedding. 

Meng, F., Zhang, L., & Chen, Y. (2023) Sample-Based Dynamic Hierarchical Trans-Former with 
Layer and Head Flexibility Via Contextual Bandit. 

Meng, F. (2023) Transformers: Statistical Interpretation, Architectures and Applications. 

Awais, M., Bhuva, A., Bhuva, D., Fatima, S., & Sadiq, T. (2023). Optimized DEC: An effective 
cough detection framework using optimal weighted Features-aided deep Ensemble classifier for 
COVID-19. Biomedical Signal Processing and Control, 105026. 

D. R. Bhuva and S. Kumar, “A novel continuous authentication method using biometrics for IOT 
devices,” Internet of Things, vol. 24, p. 100927, 2023. 

D. Bhuva and S. Kumar, "Securing Space Cognitive Communication with Blockchain," 2023 
IEEE Cognitive Communications for Aerospace Applications Workshop (CCAAW), Cleveland, 
OH, USA, 2023, pp. 1-6. 

D. S. Das, D. Gangodkar, R. Singh, P. Vijay, A. Bhardwaj and A. Semwal, "Comparative Analysis 
of Skin Cancer Prediction using Neural Networks and Transfer Learning," 2022 5th International 
Conference on Contemporary Computing and Informatics (IC3I), Uttar Pradesh, India, 2022, pp. 
367-371. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 47 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES __ Vol: 04 Issue: 05 | May 2023 


128. 


129. 


130. 


131. 


132. 


133. 


134. 


135. 


136. 


137. 


138. 


A. Bhardwaj, J. Pattnayak, D. Prasad Gangodkar, A. Rana, N. Shilpa and P. Tiwari, "An 
Integration of Wireless Communications and Artificial Intelligence for Autonomous Vehicles for 
the Successful Communication to Achieve the Destination," 2023 3rd International Conference on 
Advance Computing and Innovative Technologies in Engineering (ICACITE), Greater Noida, 
India, 2023, pp. 748-752. 

A. Bhardwaj, S. Rebelli, A. Gehlot, K. Pant, J. L. A. Gonzales and F. A., "Machine learning 
integration in Communication system for efficient selection of signals," 2023 3rd International 
Conference on Advance Computing and Innovative Technologies in Engineering (ICACITE), 
Greater Noida, India, 2023, pp. 1529-1533. 

A. Bhardwaj, R. Raman, J. Singh, K. Pant, N. Yamsani and R. Yadav, "Deep Learning-Based 
MIMO and NOMA Energy Conservation and Sum Data Rate Management System," 2023 3rd 
International Conference on Advance Computing and Innovative Technologies in Engineering 
(ICACITE), Greater Noida, India, 2023, pp. 866-871. 

V. Bansal, A. Bhardwaj, J. Singh, D. Verma, M. Tiwari and S. Siddi, "Using Artificial Intelligence 
to Integrate Machine Learning, Fuzzy Logic, and The IOT as A Cybersecurity System," 2023 3rd 
International Conference on Advance Computing and Innovative Technologies in Engineering 
(ICACITE), Greater Noida, India, 2023, pp. 762-769. 

A. Chaturvedi, A. Bhardwaj, D. Singh, B. Pant, J. L. A. Gonzales and F. A., "Integration of DL on 
Multi-Carrier Non-Orthogonal Multiple Access System with Simultaneous Wireless Information 
and Power Transfer," 2022 11th International Conference on System Modeling & Advancement 
in Research Trends (SMART), Moradabad, India, 2022, pp. 640-643. 

A. Uthiramoorthy, A. Bhardwaj, J. Singh, K. Pant, M. Tiwari and J. L. A. Gonzales, "A 
Comprehensive review on Data Mining Techniques in managing the Medical Data cloud and its 
security constraints with the maintained of the communication networks," 2023 International 
Conference on Artificial Intelligence and Smart Communication (AISC), Greater Noida, India, 
2023, pp. 618-623. 

D. K. Sharma, B. Singh, R. Regin, R. Steffi, and M. K. Chakravarthi, “Efficient Classification for 
Neural Machines Interpretations based on Mathematical models,” in 2021 7th International 
Conference on Advanced Computing and Communication Systems (ICACCS), 2021. 

F. Arslan, B. Singh, D. K. Sharma, R. Regin, R. Steffi, and S. Suman Rajest, “Optimization 
technique approach to resolve food sustainability problems,” in 2021 International Conference on 
Computational Intelligence and Knowledge Economy (ICCIKE), 2021. 

G. A. Ogunmola, B. Singh, D. K. Sharma, R. Regin, S. S. Rajest, and N. Singh, “Involvement of 
distance measure in assessing and resolving efficiency environmental obstacles,” in 2021 
International Conference on Computational Intelligence and Knowledge Economy (ICCIKE), 
2021. 

D. K. Sharma, B. Singh, M. Raja, R. Regin, and S. S. Rajest, “An Efficient Python Approach for 
Simulation of Poisson Distribution,” in 2021 7th International Conference on Advanced 
Computing and Communication Systems (ICACCS), 2021. 

K. Sharma, B. Singh, E. Herman, R. Regine, S. S. Rajest, and V. P. Mishra, “Maximum 
information measure policies in reinforcement learning with deep energy-based model,” in 2021 
International Conference on Computational Intelligence and Knowledge Economy (ICCIKE), 
2021. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 48 


CENTRAL ASIAN JOURNAL OF MATHEMATICAL THEORY AND COMPUTER SCIENCES __ Vol: 04 Issue: 05 | May 2023 


139, 


140. 


141. 


142. 


143. 


144. 


145. 


146. 


147. 


D. K. Sharma, N. A. Jalil, R. Regin, S. S. Rajest, R. K. Tummala, and Thangadurai, “Predicting 
network congestion with machine learning,” in 2021 2nd International Conference on Smart 
Electronics and Communication (ICOSEC), 2021 

Chakrabarti P. ,;Chakrabarti T., Sharma M ., Atre D, Pai K.B., “Quantification of Thought Analysis 
of Alcohol-addicted persons and memory loss of patients suffering from stage-4 liver cancer”, 
Advances in Intelligent Systems and Computing, 1053, pp.1099-1105, 2020. 

Chakrabarti P., Bane S.,Satpathy B.,Goh M, Datta B N , Chakrabarti T., “Compound Poisson 
Process and its Applications in Business”, Lecture Notes in Electrical Engineering, 601, pp.678- 
685,2020. 

Chakrabarti P., Chakrabarti T., Satpathy B., SenGuptaI. Ware J A., “Analysis of strategic market 
management in the light of stochastic processes, recurrence relation, Abelian group and 
expectation”, Advances in Artificial Intelligence and Data Engineering, 1133 , pp.701-710, 2020. 
Priyadarshi N., Bhoi A.K., Sharma A.K., Mallick P.K. , Chakrabarti P., “An efficient fuzzy logic 
control-based soft computing technique for grid-tied photovoltaic system’, Advances in Intelligent 
Systems and Computing, 1040,pp.131-140,2020. 

Priyadarshi N., Bhoi A.K., Sahana S.K., Mallick P.K. , Chakrabarti P., Performance enhancement 
using novel soft computing AFLC approach for PV power system’, Advances in Intelligent 
Systems and Computing, 1040, pp.439-448,2020. 

Magare A., Lamin M., Chakrabarti P., “Inherent Mapping Analysis of Agile Development 
Methodology through Design Thinking”, Lecture Notes on Data Engineering and 
Communications Engineering, 52, pp.527-534,2020. 

Ali Y., Shreemali J., Chakrabarti T., Chakrabarti P. , Poddar S., “Prediction of Reaction 
Parameters on Reaction Kinetics for Treatment of Industrial Wastewater: A Machine Learning 
Perspective”, Materials Today :Proceedings,2020. 

Chakrabarti P., Satpathy B., Bane S., Chakrabarti T., Poddar S., “Business gain forecasting in 
Materials Industry - A linear dependency, exponential growth, moving average, neuro-associator 
and compound Poisson process perspective”, Materials Today: Proceedings, 2020. 


© 2023, CAJMTCS | CENTRAL ASIAN STUDIES www.centralasianstudies.org ISSN: 2660-5309 | 49 


